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Input 64x64%3
Convolution 1 5x5 2 2 32x32x48
Convolution 2 3x3 1 1 32x32x128
Convolution 3 3x3 1 1 32x32x128
Convolution 4 3x3 2 1 16x16x256
Convolution 5 3x3 1 1 16x16x256
Convolution 6 3x3 1 1 16x16x256

Convolution 7 3x3 2 1 8x8x256

Convolution 8 3x3 1 1 8x8x512
Convolution 9 3x3 1 1 8x8x1024
Convolution 10 | 3x3 1 1 8x8x1024
Convolution 11 | 3x3 1 1 8x8x1024
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Convolution 17 | 3x3 1 1 32x32x128
Convolution 18 | 3x3 1 1 32x32x48
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Development of the prediction method for strong wind around
buildings using convolutional neural network
-Wind velocity distribution predication of a building-

Abstract

Yuuki KATOH

This paper is described for wind velocity distribution prediction around a building using the convolutional neural

network. Convolutional neural network is trained with wind velocity distribution image calculated from CFD analysis

and three type images with the information of a building.

As the first step, this paper describes an overview of prediction method, the basic structure of the convolutional

neural network and the results of the wind velocity distribution prediction intended for a building.

Keywords:
CFD

Strong wind around buildings, Wind velocity distribution predication, Convolutional neural network,






