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Study on generation of abstracts of scientific papers using
conversational Al (ChatGPT)

Takayuki KATOH

Abstract

ChatGPT is able to generate human-like natural replies and expected to be applied for various uses. However, the
optimal uses have yet to be explored. In this study, we used ChatGPT to write abstracts of past papers published in
Kumagaigumi Technical Research Reports and examined the limits and potential of its generating capabilities. Abstracts
were generated in the following three steps: (1) Divide a paper into several parts and summarize each part; (2) generate
an abstract from the summaries; and (3) adjust the text style. As a result, we found that ChatGPT is capable of generating
and interpreting text to some degree, but that there are limits to its capabilities to interpret and express technical content
unerringly. However, it can be sufficiently effective for some applications: for instance, for creating rough drafts.

Key words:  NLP, generative Al, LLM, prompt engineering




